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Abstract M icrdNA s are a class of non-coding RNA s of single-stranded,

endogenous which phy an mportant wle n

gene regu btion The pred ction ofM kroRNAsw illhelp a lot b study and undestand theirbblogical fincton At pres-

ent very littlew otk has been done for the prediction ofm icoRNA s by using paim se constrains Therebrg afier adding

local structure preserving strategy a d in ensionality reduction algorithm based on paiw ise constrains is ntoduced to im—

pwove the predicton of m troRNAs effectively Experm ental results on micoRNA and UCT data sets validate the per

fom ance of the proposed algoribhm.
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Fig.1 Classification accuracy on MiRNA data set with different number of constraints (different classifier)
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Fig.2 Classification accuracy on MiRNA data set with different number of constraints (different dimension reduction method)
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Fig.3 Classification accuracy on UCI data set with different number of constraints (different classifier)
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Fig4 Classification accuracy on UCI data set with different number of constraints (different dimension reduction method)
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