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Analyses and Researches of the Universality in Stock Markets

Du Guoxiong
( Nanjing Institute of Railway Technology Nanjing 210031)

Abstract: After having compared and analyzed research achievements on the fluctuations of different stock markets made by
scholars from different countries this paper believes that the stock markets do have universality not only in the probability
distribution of returns but also in the volatility fluctuation and the multifractal distribution of returns. This result is very
helpful and provides the framework for further studies on the dynamic mechanism of the fluctuation of stock markets.
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.2 The comparison of PD of S&P500( circle line) the LSD

( solid line) and the normal distribution( dot line)
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Fig.3 The PD of returns of Norwegian stock index( b is transformed by scale)
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Fig.5 The daily return distribution of DJIA compared with the ND
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Fig.6 The PD of logarithmic return of SHSI with different time scales( b is transformed by scale)
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Fig.7 1 min-distribution of SHSI( solid line) compared with its ND( dash line)
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Fig.14 The PDs and CPDs of volatility of SHSI
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Fig.18 The multifractal spectra of SHSI with different time scales
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Fig.19 The partition function curves of SHSI
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