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Graph Classification Algorithm Based on Dynamic Sampling
Yin Tingting, Liu Junyan,Zhou Liuliu,Ye Ning, Yin Tongming
(College of Information Science and Technology , Nanjing Forestry University , Nanjing 210037, China)

Abstract : Support threshold of traditional graph classification algorithm like FSG or CEP is too low that may cause over-
sized frequent subschema and low efficiency,while too high may lead to the loss of important models or accuracy drop. To
solve these problems,we introduce the strategy of dynamic sampling into the graph classification and design a new pattern
feature extraction method ,by which we get the representative sub-model by calculating every graph’s average vertex degree
and use the frequent closed revealed model from CEP ,under the premise of classification accuracy. The new method settled
the problem unable to be calculated due to support threshold chosen too low in CEP and greatly improved the classification
efficiency. Experiments showed that the new method surpassed a series of mainstream algorithm in this field.
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Fig.1 Two kinds of graph classification models generation strategy
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