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Abstract : In order to solve the problem that simultaneous detection of temperature and strain in optical fiber sensing tech-
nology cannot be accurately obtained by using fiber multi-peak Brillouin scattering spectrum,the RBF neural network based
on K-means clustering method is applied to the data fitting of optical fiber multi-peak Brillouin scattering spectrum. Firstly,
the theoretical knowledge of Radial Basis Function ( RBF) Neural Network and K-means clustering method is described.
Secondly, it is concluded that different diffusion speeds will affect the fitting accuracy of the data by using RBF neural network
algorithm to fit the data. However,the smoothness and accuracy of fitting curves cannot be guaranteed simultaneously. The
RBF neural network based on K-means clustering method is used to fit the data and get more accurate fitting curve ,and the
mean square error is small.
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