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Abstract : After disasters, people often post information about volunteer rescue efforts and requests for help from the
affected on social media platforms. Extracting the information of help task and rescue personnel from these data and
making a reasonable match between them can provide effective support for rescue. In this paper, spatial crowdsourcing
technology is introduced into the field of disaster relief,and online spatial crowdsourcing matching problem for disaster
relief is proposed. The disaster event information extraction model is constructed by using deep learning classification
method and large-scale language model to realize the accurate extraction of rescue and help information. The task rating
method and dynamic loss measurement are designed to reflect the urgency of the task and the dynamic change of the loss.
A greedy algorithm combining preempt and delay strategies is proposed based on dynamic loss measurement. Through
detailed experimental analysis of real data sets and synthetic data sets, the total loss of the greedy algorithm combining
preempt and delay strategies is reduced by at least 35% compared with the existing algorithm, and the effectiveness of the
proposed algorithm is verified.
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algorithm combining task levels

3 PLdHk

ARSCER R ) SCRFROMERCR A TR 23 [A] AN EL DT BC SR I ] 3 . I L 5 Bl OB R b i AT
55 S RVE S SR B R T AR 55 DU SAE =0

| 25! N i
| ChatFlow |_|BERT-CNN|!| i T SR S 5
! Flood#il {7 M / L
1 1 | S, w, 1
! i o - :
E E E w, S \ i
: AR - 2 9 !
I H : 4 I
i—Y P s‘v:/_& w&/ ¥ i
IREZ= ; W{
v ey B 55751
GRITE - > - id
jEREs MR

INNFHUEL [ e SEREm

: T T, |

3 EEREHER
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FAEHAT S BN G 50 R HEVERE 5L (56 6~9 17) , A N A GRS 2 HE BR A 5 SR g4t IS G452 It
BRI (56 10~ 13 47) 38 A AN AAE 55 (565 14 47 ) 5 a0 SR AR AE AT 55 T S H 72 15 77 ZE 4B R
ANt BN ELHEEA TUCRE (55 15~ 18 47) , A THER (55 19~20 17) . X T AGUIER B H B 0o B B e
HIAESS (56 21~27 17) . ZGR TS5 ICREEE IR M(S,W).

&% 1 Preempt-Delay

Input: fE554E S, Bt A GG W, Bl = [ 554 S
Output : {E55 50 F M(S, W)

1 M(S,W)=J;

2 Predicting S’ using kNN ;

3 for(each new arrival request) do

4 if(the request is a task s)then
5 if (s, <r") then

6 if (freeworkers is not empty ) then

7 if(n workers closest to dist(w[i],,s,))then
8 Append n * {w[i],s| to <s,W>;

9 freeworkers =freeworkers— {w[ i ]} ;

10 else if(busyworkers is not empty ) then

11 if ((L(s,ty)—L(s,t))>L(s",t,)&& n workers closest to dist(w'[j],,s,) )then
12 Append n * {w'[j],s] to <s,W>;

13 taskpool =taskpool+{s'} ;

14 else Append s to taskpool ;

15 else if(s,= r' && S ==0)then

16 if(n workers closest to dist(w[i],,s,))then

17 Append n * {w[i],s| to <s,W>;

18 freeworkers =freeworkers— {w[ i ]} ;

19 else Append s to taskpool ;
20 Sy =8 =8,
21 else if(the request is a worker w)then

2 i (p (5[] is max &&(t,,, +dist(;,s[1,)) < s[j], ) then

23 <s,Wo=<s, W>+{w,s[j]};

24 if (the workers of s[j]is full ) then
25 taskpool =taskpool—{s[j] | ;
26 Append <s,W> to M(S,W);

27 else Append w to freeworkers;
28 return M(S,W) ;
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Table 5 Experimental parameter settings Table 6 Maxloss parameter settings
SH 4 SHUE 9 1 2 3 4 5
RS 501 S| 500,1 000,1 500,2 000,2 500 50 40 30 20 10
. 160 80 40 20 10
NGB W] 1 000,2 000,3 000,4 000,5 000
, BRLIAI 210 130 70 30 10
£ 1,2,3,4,5
LA T 310 190 100 40 10
I IE) B 1 7' 10 410 250 130 50 10

B X 4 H 9 SRR JOME SRR () 7E 225 [R] AR AL DT C [ 1, b SR B s S A SCHR Y I 25 Gt o S SR O
W P VG B SR A T LA, LB B i S D e ) VAR 2 L. BRI AR

(1) NNP . SlE 4R Se i S0 0Bk . AR SO FHERA 23 [R] AL 52 v A AR D00 B AR R AR SR
AL e PR IR B i () N A T A 55 DR RC.

(2) NNGP : 45 G 4%: 55 S5y S ln SRR e B0 k. FES NNP B SRRl b A5 %S0k 5 ] ihlloss B KAk
A IS B AR5 S T B L.

(3) Preempt : Z554 i AW B 500 AL TEAT S5 VECIT , 2 S8 AT 55 AT A4S B ARG AT 55 2 43 T A
B EE 1 RBRIER TR AT LITS 3] Preempt B7%.

(4) Delay ; 45 G 1R SR (1) G705 AT 55 D ECad B v (IR SR AT 45 44 IR — Ik (] B 000 5 4 04T 55
TEOLHEATREIRBRAE K B30 1 ZS R4 o SR AT LAAS 2] Delay 53075,

(5) Preempt-Delay : Z545 30 15 5 #E R A4 70 B4k, Preempt-Delay 82 8 T 46 5 5 28 38 195 Fh S M | 3 45 0
HT &R 50T 455 VERAL.

H NNP 5 NNGP N34 5 | Preempt , Delay | 20000 —x— NNP —3— NNGP
SIS N P —+— Del
Preempt-Delay 15 A SCHE T 5. —— pﬁZﬁﬁSLnelay o

4.2 SLIGEER 15000 f
421 FEEFIATEREG G ¥ ol
K525t T 5 MR E AR AT 55 50E R Sk pid

B O. AL 5 AT LA Y 78 N DB — € 1 1 5000

OUT  BEE AT S E 3G, 5 PR R Y 2 BT =

g, FEAE S5 BOR B 5 FVE I OB S AT X .
I Bt AT 55 B B N, Delay . Preempt-Delay 557 (T4 505
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