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Abstract Ths paper proposes a subspace clustering algo rim SDSCA based on sim ilar dmension Firstly the G i
value is used to renove the redundant attrbutes n the data space After ran oving the redundant attrbutes the sin ihr
dmensbn isused to find the atirbutes thatare close to each other Fmally, the traditional clustering algorihm s are used
on these subspaces that fomed by sim ikr dinension The e perin ent resulis show that algoritm SDSCA is effectve and

also reduces the redundant atirbutes effectively
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3.1 Table 3 Clustering results of sampledata set2
[11] , DB {A1A2) {A3 A4}
16 C1 1234 C1 L2
’ ’ c2 567 c2 345
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C1{1 471011 13 15 17 18);
C2(2 6 9 12 14 16 19 20);
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{A23 A24 A26A27 A28 A 35):
C1{123456789 10}
C2{11, 12 13 14 15 16 17 1§ 19 20);
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