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Abstract The paper stud ied the problan of reclistering and red scovering n the sequence database on te basis of the

resu lis of sequentil patemm ning A in ing at this shortcan ing that it could kad to the mstability of clustering results to

sekct mndan ly the mitial Hcal points n the existing K-m eans clustering algorithm, an niial center selkctin algorithm

nan ed K-SPAM ( K-m eans algorihm of sequence pattem m inng based on e H ufin an M ethod) algoritm was proposed

It was based on Huffnan idea The akorithm could reduce probability of bcal optimun to a certain extent M oreover a

highly efficient and” and “ 01’ operators were adopted to cakulate s ilariy bew een pais of sequences To do so

could greatly i prove the executibn efficiency of the algorithm.
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Table2 Comparson of clustering results
20 ( 2) . Dak Set M ean A ccuracy Rate M ean Accuracy R ate
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