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Abstract ; Spatiotemporal data mining has emerged as an active research field ,focusing on the development of computing
technologies for the extraction of useful information and knowledge from massive and complex spatiotemporal database.
This paper mainly focuses on spatiotemporal data mining for big data,introduces the background and development of data
mining, the recent theoretical and applied research progress in spatiotemporal data mining, and discusses the
infrastructure and technologies of spatiotemporal data mining for big data.
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