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Research of Text Subject Extraction Based on Improved Weight
for Bayesian Reasoning and TFIDF Algorithm
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Abstract: The shortcoming of the TFIDF algorithm is improved for Chinese text topic word extraction. This paper
considers the keywords appearing frequency, position weight in the text,the hybrid algorithm of Bayesian Reasoning and
TFIDF was designed to extracte topic words,and the topic words was extracted from forward ,reverse and middle based on
sorting position of the candidate words. The results was higher average accuracy than the simple TFIDF by 6.2% .
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Table 1 Weight results of reverse extraction Table 2 Weight results of forward and backward from middle
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