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Abstract: As we all know,the optimistic multigranulation decision-theoretic rough set model was loose while pessimistic
multigranulation decision-theoretic rough set model was strict. To solve this problem,we propose a new multigranulation
decision-theoretic rough set model,which is called flexible multigranulation decision-theoretic rough set. It introduces a
threshold to control the number of information granules. Such mechanism makes the model more flexible. Moreover, we
also show the properties of this model and compare the model with classical multigranulation model. The results of theo-
retic analyses and experiment show that,the model proposed in this paper is a powerful expansion of the classical multi-
granulation decision-theoretic rough set in real world application.
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Table 3 Data sets description

b Btk AL Ja A% Y e S
1 Adult 1 605 14 2
2 Dermatology 366 34 2
3 Page Blocks 5473 10 2
4 Soybean 307 34 2
5 Movement libras 360 90 2
6 Mushroom 8 124 22 2
7 Wdbe 569 30 4
8 Zoo 101 17 2
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Table 4 Approximation qualities based on three MGDTRSs
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0.1 0.2 0.3 0.4 0.5 0.6 0.7 0.8 0.9 1

1 0.897 0.897 0.897  0.897 0.897 0.897 0.894  0.893 0.888  0.873  0.740 0.740
2 0.803 0.803 0.803 0.803 0.803  0.803 0.801 0.691 0.265 0.034 0 0
3 1.000 1.000 1.000 1.000 1.000  0.971 0.781 0.563 0.087 0 0 0
4 0.644 0.644  0.244 0 0 0 0 0 0 0 0 0
5 0.517 0.517 0.483 0.367 0.087  0.006 0 0 0 0 0 0
6 0.794 0.794  0.794  0.794  0.794  0.794  0.794  0.794  0.370 0 0 0
7 0.629 0.629  0.614 0.534 0.486  0.283 0.122  0.033 0.001 0 0 0
8 0.782 0.782 0.782 0.782  0.782  0.777  0.699  0.564  0.241 0.035  0.021 0.021
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