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Research on Parking Berth Characteristics Prediction

Based on Time Series Model

Zhang Lei
(College of Mathematics and Statistics , Chongqing Jiaotong University , Chongqing 400074, China)

Abstract : In this paper,based on the data of vehicle parking in and out of an administrative service center ,the characteristics
of traditional parking demand forecasting methods are discussed. On this basis, the paper introduces the time series model
which is used in economics, and makes clear the key steps and methods of building the model. The model is tested and
predicted on the Eviews 9.0 platform. Finally,the simulation experiments are carried out to verify the validity of the model.
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Table 3 Parameter estimation table
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