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Research on Storage Methods of Spatio-Temporal Trajectories
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Abstract : Spatiotemporal trajectory data storage is an important research issue in trajectory data management, which
directly affects the performances of trajectory data mining algorithms. In this paper, we propose three trajectory storage
methods according to data access methods, including the trajectory storage based on chronological orders, the trajectory
storage based on spatial attributes and the trajectory storage based on temporal atiributes. The basic principle of trajectory
storage is that the data involved in one operation should be stored as close as possible. The three trajectory storage methods
are implemented ,and the experimental results based on a real data set show that,employing appropriate trajectory storage
methods according to the characteristics of data access may significantly improve the efficiency of trajectory data mining
algorithms and help to better support trajectory data analysis and mining tasks.

Key words:: trajectory , disk storage ,column store , trajectory data mining
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Table 1 Example of frame based structure
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Table 2 Comparison of three trajectory storage methods
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Table 5 Trajectory storage methods for classical trajectory data mining algorithms
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