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Abstract : The purpose of this paper is to give some pertinent suggestions for improving postgraduates’ mathematical ability
through research and analysis to improve the current situation that graduate students’ mathematics learning ability cannot
reach the level of scientific research. This study obtains objective indicators that can comprehensively measure mathematics
learning ability through BP neural network to get the math learning ability evaluation score ,and uses SPSS software to test
the correlation between influencing factors and the indicators,so as to get the factors that significantly affect postgraduates’
mathematics learning ability. Finally,according to the different characteristics of the respondents,the graduate students are
clustered,and specific suggestions are given for each type of individuals to improve their mathematics learning ability.
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