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Research on Image Coloring Method Based on Theme Palette
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Abstract : There exist some problems in the image colorizing methods based on theme palette today, such as inaccurate
themes , inharmonious colors and biased aesthetic evaluation. In this regard , this paper proposed a set of precise colorizing
schemes , which adopts Lasso regression model to extract the theme color from the foreground object segmented by Mask
R-CNN, extends the theme color by WGAN_gp,and uses NIMA to quantify the optimal scheme. In the aesthetic evalua-
tion experiment, LPIPS decreased by 37.5% ,and NIMA increased by 6.6% after coloring, indicating that the scheme is
feasible and effective.
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Fig. 1 Image coloring result
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Fig. 6 Image segmentation and image subject extraction results
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